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Abstract

When do associations with racial minority categories produce market penalties, and
when can they instead become sources of value? Existing research documents both
persistent penalties associated with racial minorities and the valorization of minority-
associated cultural consumptions. I argue that these contrasting patterns can partly
reflect differences in the criteria through which targets are evaluated: when differentia-
tion is valued, minority associations can increase valuation by making offerings appear
differentiated from an implicitly White mainstream. I examine this argument in fash-
ion markets which use human names as product labels. Across more than 1.3 million
online fashion listings, products bearing minority-associated names are listed at system-
atically higher prices than those bearing White-associated names. Four preregistered
experiments replicate this minority name premium and provide evidence that perceived
differentiation helps explain it. Together, the findings show that racial associations do
not carry fixed evaluative consequences across market settings. Instead, the same cul-
tural associations linked to disadvantage in some contexts can generate value when they
provide a form of differentiation that markets reward.
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analysis
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1 Introduction

Research in economic sociology and related fields has long examined how associations with
racial minority categories shape market valuation. The past several decades have seen two
streams of literature documenting seemingly contrasting patterns. On the one hand, research
on status and discrimination continues to document persistent penalties associated with
racial minority categories in domains such as employment, housing, credit, and consumer
markets (Bertrand and Mullainathan, 2004; Einstein and Glick, 2017; Kugelmass, 2016; Pager
and Shepherd, 2008; Ridgeway, 2014). On the other hand, studies of cultural consumption
have documented the increasing valorization of food, music, art, and lifestyles associated
with racial minority groups (Johnston and Baumann, 2007; Oleschuk, 2017; Bryson, 1996;
Halle, 1993; Price, 2002; Hahl et al., 2017).

Reconciling these patterns is theoretically important because beliefs about the evaluative
consequences of racial categories shape how people and organizations present themselves in
markets. Individuals may engage in what is called “whitening”: altering names, hobbies, or
other cues to appear more closely associated with White identities when they anticipate that
minority associations will harm their market outcomes (Kang et al., 2016). Organizations
may similarly foreground identities associated with Whiteness while deemphasizing their
origins (Giazitzoglu and Korede, 2023). Understanding such choices requires specifying when
association with a racial minority category produces an evaluative penalty and when it may
instead become a source of value.

The problem is that the boundary between these two empirical patterns is not clearly
specified. When should we expect minority associations to be valorized, and when should we
expect the opposite? One difficulty is that the two literatures have typically examined dif-
ferent kinds of evaluation targets. Research on discrimination commonly studies individuals,
such as job seekers, renters, entrepreneurs or sellers, and finds that members of racial mi-
nority groups often receive worse evaluations than otherwise comparable White counterparts

(Bertrand and Mullainathan, 2004; Ayres et al., 2015; Edelman et al., 2017; Younkin and



Kuppuswamy, 2018). Research on cultural consumption, in contrast, commonly studies mar-
ket objects, such as restaurants, music, art, and other cultural products, whose associations
with minority groups are expressed through categories, symbols, and labels and may instead
be evaluated favorably (Aneja et al., 2025; Johnston and Baumann, 2007; Bryson, 1996).
These different levels of analysis make the relevant boundary condition difficult to identify.
Are minority-category associations rewarded when attached to products but penalized when
attached to people? Do these differences reflect who is evaluating? Or do they depend on
what evaluators are looking for? Existing research has not provided a clear answer.

This paper focuses on the third possibility and draws on research on differentiation to
build such boundary conditions. Research on differentiation shows that departing from what
is typical can become a source of value (Deephouse, 1999; Askin and Mauskapf, 2017; Uzzi
et al., 2013). T argue that associations with racial minorities can make a target appear less
typical of the cultural mainstream (Devos and Banaji, 2005). Whether this differentiation
becomes a source of value depends on what evaluators are looking for. In markets such as
fashion, wine, furniture, and art, products are valued not only for their functional qualities
but also for being distinctive. In these settings, appearing more distinctive can increase
value, and minority-associations may provide one source of such differentiation. In settings
such as hiring or lending, however, evaluators are more concerned with competence and
trustworthiness. Here, being less typical may instead activate uncertainty and negative
status belief, which subsequently lower evaluations (Pope et al., 2026). The same distance
from the cultural mainstream may therefore produce a premium when atypicality is valued,
but a penalty when atypicality is risky.

To examine this possibility, I use a setting that connects these otherwise separate liter-
atures through a shared symbolic cue: human names. Human names are a common device
used in research on discrimination to study evaluations associated with racial categories. In
field experiments such as audit studies, researchers hold a résumé or profile constant while

varying the name attached to it. These studies generally find that names associated with



racial minorities, particularly Black Americans, receive lower evaluations (Bertrand and Mul-
lainathan, 2004; Quillian et al., 2017; Pager et al., 2009). At the same time, human names
are also increasingly used as product labels. Retailers of eyeglasses, furniture, clothing, and
other goods routinely market products as, for example, the “Larry” eyeglasses, the “Emily”
dress, or the “Jennifer” sofa!. Names socially associated with minority categories, such as
“Lakisha,” likewise appear in these settings. This leads to a puzzle: if minority-associated
names are typically devalued as audit studies suggest, why are they still used to label market
products? Examining the evaluation of the same symbolic cue across these contexts helps
hold the cue itself constant while varying the type of evaluation in which it is embedded. This
allows us to identify the conditions under which associations with racial minority categories
are penalized or valorized.

This paper proceeds in two parts. Part One is abductive: using large-scale archival
data on millions of online fashion products, I estimate the relationship between minority-
associated human names and product valuation, measured by price. This analysis adjudicates
between competing expectations about whether minority-associated cues receive a penalty
or a premium in market evaluation. The data reveal a minority-name premium rather than a
penalty, creating an empirical puzzle that contradict the audit study expectations. Part Two
is deductive: building on this empirical puzzle, I develop differentiation as an explanation
for the minority-name premium and test it using preregistered experiments. I first replicate
the archival result in controlled experimental setting, then test whether minority-named
products are perceived as more distinctive, whether that distinctiveness drives their higher
valuation, and whether the effect can be distinguished from the simpler possibility that
minority-associated names are merely less common.

The paper contributes to research on market evaluation by identifying a boundary con-
dition under which associations with racial minority categories can become sources of value

rather than disadvantage. I argue that minority-associated cues create culturally meaningful

!These names differ from eponymous brand names. Within a single store, individual products are each
assigned a different human first name.



differentiation from an implicit White mainstream, and that the value of this differentiation
depends on the criteria by which targets are evaluated. Compared to prior explanations of
minority valorization in cultural consumption, this account makes two theoretical contribu-
tions. First, it shifts the explanation from direct preferences for minority identities to the
structural positions of minority categories. Rather than requiring minority categories to be
seen as authentic or ideologically appealing, I argue that because they are culturally marked,
they can confer value when differentiation is prized. Second, the setting shows that minority-
associated cues can receive favorable evaluations even when opportunities for public display
are limited, suggesting that their valorization need not depend on an immediately present

external audience.

2 Part One: A Minority Name Premium or Penalty?

2.1 Status belief and the minority penalty

A long tradition of research on discrimination documents persistent evaluative penalties
associated with racial minority categories across institutional domains. These penalties have
been explained through several theories, including taste-based discrimination (Becker, 2010),
statistical discrimination (Arrow, 1973; Phelps, 1972), implicit bias and stereotyping (Fiske
et al., 2002; Greenwald and Banaji, 1995), and status characteristics theory (Berger et al.,
1972; Ridgeway, 1991). Although these accounts differ in their proposed mechanisms, they
converge on the expectation that racial minority cues can lower evaluations even when other
attributes are held constant. Furthermore, this evaluation penalty tends to be enduring and
difficult to disrupt (Tilly, 1999).

Status characteristics theory reveals two features that explains the durability of the
penalty towards the racial minority categories. First, status beliefs, defined by cultural
beliefs that some social groups are more competent or worthy than others, are widely shared

across populations. Second, these beliefs are self-reinforcing: Status beliefs may operate



independently of material resources and power, creating a feedback loop in which groups
with more resources and power come to be seen as more competent and worthy of esteem
(Ridgeway, 1991, 2014; Ridgeway et al., 1998). For example, organizational processes that
implicitly treat whiteness as a credential help justify unequal distributions of wages and
resources across racial groups (Ray, 2019). Similarly, beliefs that portray men as more com-
petent than women in many organizational tasks contribute to the gendering of occupations,
helping sustain gender gaps in wages and access to higher-paying jobs (Ridgeway, 2011;
Ridgeway and Correll, 2004).

Human names are among the most common cues through which status beliefs associ-
ated with minority groups are activated. Field experiments, particularly audit studies, have
long shown that manipulating names alone can causally shape market evaluations. The
same résumé or profile may receive different callback rates in the labor market, different
responses in the rental market, or different treatment when seeking medical care (Bertrand
and Mullainathan, 2004; Einstein and Glick, 2017; Kugelmass, 2016). To avoid these po-
tential penalties, members of minority groups sometimes alter their names. For example,
Asians and immigrants have been shown to adopt Americanized or White-sounding names
as a strategy to mitigate anticipated discrimination. Such name changes and other acts of
identity “whitening” have, in turn, been associated with improved market outcomes (Kang
et al., 2016; Arai and Skogman Thoursie, 2009; Biavaschi et al., 2017; Gaddis and Ghoshal,
2020).

Given that racial meanings can be activated through human names, the central question
in the present setting is whether these meanings can also shape evaluations of nonhuman
products. There are at least two reasons to expect that they might. First, status character-
istics theory suggests that status beliefs can diffuse beyond the specific task environment in
which they were initially formed. Once a social category acquires a generalized association
with status or competence, that association may influence evaluations in other contexts—in

this case, the product market—even when its direct relevance to the task at hand is not



obvious.

Second, research on anthropomorphism shows that social categories originally applied
to humans can function as cognitive schemas that shape how people perceive and evaluate
nonhuman objects (Aggarwal and McGill, 2007; Guthrie, 1995; Waytz et al., 2014). When
people perceive an object or event as possessing salient human traits, without necessarily
regarding it as human, they may apply human-based schemas to interpret it. For example,
research using pet-adoption data finds that dogs with names perceived as more White are
adopted more quickly, consistent with adopters projecting racial schemas developed for hu-
mans onto animals (Quadlin and Montgomery, 2022). It is therefore reasonable to expect
that giving a nonhuman product a human name may anthropomorphize the product (Bré-
dart, 2021), while the meanings and status beliefs associated with that name may function
as schemas through which consumers interpret it.

Taken together, research on discrimination, status beliefs, and anthropomorphism pro-
vides reason to expect that the racial meanings activated by human names can extend beyond
people to the products those names label. If status beliefs that disadvantage racial minor-
ity categories carry over to product evaluation, products bearing minority-associated names

should receive lower valuations than products bearing White-associated names.

Hla (Minority Penalty). Products bearing minority-associated names will

receie lower valuations than products bearing White-associated names.

2.2 Cultural consumption and the minority premium

Research in the sociology of consumption challenges the assumption that cultural forms asso-
ciated with high-status groups are always more desirable, particularly through the literature
on cultural omnivorousness (Peterson and Kern, 1996; Goldberg et al., 2016). Classical ac-
counts of consumption, from Veblen’s analysis of conspicuous consumption to Bourdieu’s
theory of distinction, emphasize how privileged groups maintain status through exclusive,

highbrow lifestyles (Bourdieu, 1984; Veblen, 1899). Such lifestyles may involve purchasing
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luxury brands, listening to classical music, or vacationing at expensive resorts. This empha-
sis on exclusivity is consistent with research on discrimination, which suggests that cultural
forms associated with high-status groups are valorized, whereas those associated with lower-
status groups are penalized. Research from recent decades, however, indicates that elites
increasingly consume not only highbrow forms but also a broad range of cultural forms that
cross conventional highbrow—lowbrow boundaries. Rather than participating exclusively in
high-status leisure pursuits, elites may also enjoy popular music, blockbuster films, and street
food.

This omnivore transformation has implications for the valuation of minority-associated
cultural forms. Such forms are not inherently lowbrow, but cultural gatekeepers and domi-
nant institutions have historically excluded many practices associated with racial minorities
from conventional definitions of high culture. Consistent with this shift, research on cul-
tural omnivorousness has shown that high-status and White consumers increasingly embrace
cuisines associated with immigrant communities (Johnston and Baumann, 2009; Oleschuk,
2017), musical genres developed within Black communities (Bryson, 1996), art once dis-
missed as “ethnographic” or “primitive” (Clifford, 1988; Price, 2002), and “authentic” ethnic
neighborhoods (Stock and Schmiz, 2019; Zukin, 2008). This shift has recast cultural prac-
tices once used primarily within particular communities as desirable objects of consumption
for outsiders. It has also generated controversy and critiques of cultural appropriation (Os-
hotse et al., 2024; Comaroff and Comaroff, 2009; hooks, 1992), which question the moral
legitimacy of outgroup members’ consumption of cultural forms historically associated with
racial minority groups.

Why would cultural forms associated with minority identities become desirable to con-
sume? Several explanations have been proposed. A prominent account holds that the ability
to appreciate a broad range of cultures allows individuals to display cultural capital. Hav-
ing a broad cultural repertoire may help elites navigate diverse social settings and interact

with a wider range of people (Khan, 2011). Second, engagement with minority-associated



cultural forms may provide moral reassurance. Because such forms may be perceived as
more authentic, consuming them may help elites manage unease about their own status and
privilege (Hahl et al., 2017; Sherman, 2017). These individual-level motives also operate
within a broader institutional shift: over the past half-century, openness to diversity has
become increasingly institutionalized as a dominant social value, such that failing to dis-
play openness may carry reputational and legitimacy costs for organizations and individuals
(Childress and Lizardo, 2026). Embracing cultural forms associated with minority groups
may therefore signal both cosmopolitan taste and alignment with pro-diversity norms.
Taken together, studies of consumption suggest that association with racial minority cate-
gories does not necessarily depress the value of a market object. Instead, cultural forms asso-
ciated with minority groups have become increasingly legitimate and may even be signals of
elite cultural taste. These studies provide reasons to expect that products bearing minority-
associated names may receive higher valuations than products bearing White-associated

names.

H1b (Minority Premium). Products bearing minority-associated names will

receive higher valuations than products bearing White-associated names.

Throughout the paper, I use valuation broadly to refer to the worth of a market offering.
Valuation can manifest in different forms and need not be equivalent to monetary price
(Beckert and Aspers, 2011). Empirical analyses in this paper therefore examine several

manifestations of valuation at both the market and consumer levels.

2.3 Archival Analysis: How Minority Names Shape Product Price
2.3.1 Empirical Context

The fashion industry’s use of human names provides useful leverage for examining how racial
associations shape product evaluation. Names carry widely shared racial meanings with doc-

umented behavioral consequences in person-level audit studies (Bertrand and Mullainathan,
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2004; Kugelmass, 2016; Pager et al., 2009). Yet names are not themselves material attributes
of the garments they label: no fabric, cut, or occasion follows necessarily from a product
name. Although retailers may systematically pair particular names with particular types of
garments, the data record both naming cues and observed product characteristics. The scale
and variety of these pairings make it possible to estimate whether racial associations encoded
in names remain associated with valuation after accounting for any material differences.
Much existing research on fashion in sociology and management studies focuses on high-
end fashion houses (Cappetta et al., 2006; Godart and Galunic, 2019). This paper instead
draws on product listings from Shopify, an e-commerce platform that hosts online storefronts
for independent retailers. This sample, and the findings derived from it, therefore do not
speak directly to the luxury segment but rather to the lower- and mid-tier segments of the
market—a large and highly varied part of the fashion industry that remains relatively under-
studied. Studying fashion listings on Shopify offers two further advantages. First, the scale of
the data (more than 1 million products from over 10,000 retailers) makes it possible to detect
subtle associations between naming and product characteristics that would be invisible in a
smaller sample. Second, the sample is concentrated among small, independent businesses,
which strengthens the independence of each storefront’s naming decisions. Fashion houses in
higher-end market segments often belong to larger conglomerates that may impose unified
naming policies across brands. In contrast, Shopify storefronts vary enormously in customer
base, price point, and esthetic identity, allowing the study to capture a genuine cross-section

of the independent fashion market rather than a single, narrow niche.

2.3.2 Data

The primary dataset consists of women’s apparel products listed on independent U.S. Shopify
storefronts, scraped between 2025 and 2026 from sites identified through the BuiltWith

and StoreLeads? directories of Shopify-powered domains. I applied a sequence of filters to

2BuiltWith (builtwith.com) and StoreLeads (storeleads.app) are commercial directories that index web-
sites by the technology stack they use, including e-commerce platforms such as Shopify.



retain genuine single-brand retailers selling women’s clothing at plausible consumer price
points between $10 and $1,000. This price range excludes implausibly low-priced listings
and the ultra-luxury tail while retaining products from a broad range of lower-, middle-,
and premium-market retailers. The setting therefore extends beyond the traditional luxury
contexts in which conspicuous consumption is most commonly studied. After filtering, the
catalog contains 1,386,306 products from 10,561 storefronts. Approximately 15.8% of prod-
ucts carry human first names in their titles, and 7,395 stores engage in this naming practice.
For each product, I observe the title, brand, list price, written description, category tags,
and images. Table S1 presents descriptive statistics for the product data.

To identify products named after people, I assemble a dictionary of human first names
and match each product title against it. The candidate pool draws on the intersection of
three population registers: the U.S. Census 2020 name file, Social Security Administration
birth records, and the L2 voter file. Because many common words, places, and colors also
appear as names in these registers (e.g., “White,” “Rose,” or “Georgia”), register membership
alone is not sufficient. I classify each candidate token with a large language model (GPT-
5-nano) based on whether it functions primarily as a human given name in fashion product
titles, then flag a product as human-named when a qualifying name appears as a title token,
excluding matches that also occur in the store or brand name. I validate this classification

against manual ratings of 200 products. The LLM achieves 97% accuracy.

2.3.3 Measures

Name Associations

Whiteness: The primary independent variable is name whiteness: the proportion
of a first name’s bearers who are non-Hispanic White, ranging from zero to one. I con-
struct this measure from the U.S. Census Bureau’s 2020 frequently occurring first-name file,
which reports living-population counts for names held by approximately 90 or more people

(Comenetz, 2026) and classifies bearers into six mutually exclusive groups: non-Hispanic
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White, non-Hispanic Black, non-Hispanic American Indian or Alaska Native, non-Hispanic
Asian or Pacific Islander, non-Hispanic two or more races, and Hispanic. I construct analo-
gous shares for each group, which sum to one. Because these classifications are self-reported
in the census, the measures capture the observed demographic composition of each name.

Age: A name’s age association is the average age of its bearers, weighted by their birth-
year counts in Social Security Administration records (Social Security Administration, 2026),
with each cohort’s age calculated as of 2025. Higher values indicate names concentrated
among earlier birth cohorts. Because the measure does not adjust for differential mortality,
it captures a name’s typical birth cohort rather than the age distribution of its living bearers.

U.S. share: U.S. share is the estimated proportion of a name’s global bearers who reside
in the United States, based on a Facebook-derived global name dataset (Remy, 2021). Higher
values indicate greater U.S. prevalence.

Rarity: Rarity is the negative log of a name’s total frequency in the 2020 Census. Higher
values indicate less common names.

Income: Income association is constructed from the L2 consumer file (Labels & Lists, Inc.,
2024), which assigns individuals to 19 household-income bands. I collapse these into three
tiers, coded zero to two: lower-income (under $50,000), middle-income ($50,000-$149,999),
and upper-income ($150,000 or more), then average the tier across individuals sharing each
first name. Higher scores indicate names concentrated among higher-income households.

Table 1 reports correlations among the resulting name association measures. To esti-
mate measurement validity, I benchmark these measures against two published datasets of
human-coded name-perception ratings (Crabtree et al., 2023; Johfre, 2020), a birth-record
demographics dataset(Gaddis, 2017), and an original perception survey of 200 first names.
Across these sources, the constructed measures correlate strongly with external benchmarks

for race, age, and gender, and more moderately for socioeconomic status and U.S. share

(Table S2).
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Price and Product Characteristics

The dependent variable is the natural log of the product’s list price in U.S. dollars.
The log transformation reduces the influence of the right tail and allows coefficients to be
interpreted approximately as percentage differences. List prices are the monetary amounts
at which sellers offer products rather than the prices at which goods necessarily transact.
List prices therefore reflect both valuation and market positioning. I interpret list prices
as an observable market-level valuation, not a direct measure of consumer evaluation. Part
2 complements this measure with consumers’ direct evaluation of perceived quality and
willingness to pay.

I control for product category and for material and aesthetic characteristics extracted
from product descriptions. Using an open-source large language model (Bai et al., 2023),
I code each description into 12 fields, including material, construction, fit, neckline, sleeve
type, garment length, closure, pattern, occasion, style, season, and color. I convert the coded
values into binary indicators and retain features appearing in at least 100 products, yielding
approximately 2,300 product-feature controls. I validate the extracted features by checking
whether they appear verbatim or near-verbatim in the product descriptions.

For products displayed on human models, I use FairFace (Karkkainen and Joo, 2021), a
computer-vision model previously used in social-science research (Boucherie et al., 2026), to
measure the model’s predicted racial presentation. This lets me assess whether the associa-
tion between name whiteness and price reflects the model’s racial presentation rather than
the name itself. Because FairFace analyzes one face at a time, I first detect and align faces in
each image using a RetinaFace detector (Deng et al., 2020), keeping only reliable detections,
then apply FairFace to the most prominent face in the image, identified as the largest by
area. | aggregate to the product level by averaging FairFace’s predicted race probabilities
across images of the same product. This lets the price model account for whether and how a

human model is shown, while racial presentation is measured only where a face is observed.

12



2.3.4 Analytic Strategy

The analyses proceed in three stages. First, I examine whether White- and minority-
associated names are systematically paired with different material and aesthetic features.
This descriptive analysis makes the name-whiteness measure easier to interpret and provides
an intuitive check that racial associations are reflected in product-naming patterns.

Second, I estimate the association between name whiteness and the natural log of product
price using a series of OLS regressions with progressively more restrictive specifications. The
baseline model includes product-category fixed effects. I then add observed material and aes-
thetic features to assess whether product sorting accounts for part of the initial association.
Subsequent models adjust for other meanings associated with names, including age, gender,
income, rarity, and U.S. share, as well as the racial presentation of the model displaying the
product. The final specification includes retailer fixed effects, so the association is estimated
by comparing differently named products sold by the same retailer.

Finally, I examine a restricted sample of dropshipped dresses. These are listings from
different retailers that use the same primary product image but assign the product different
names. I identify matching images using perceptual image hashing, which creates a 64-bit
fingerprint for each image, and group listings with matching images into blocks containing
at least two different names. Models with photo-block fixed effects therefore compare prices

among listings that use the same product photograph.

2.3.5 Results

Name—Feature Associations

Figure 1 shows that names with different racial associations are systematically paired with
different kinds of product features. Figure 1 maps product features along two dimensions:
the x-axis captures how strongly each feature is associated with White-associated names,

and the y-axis captures its association with product price. Less White-associated names are
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more strongly associated with features such as silk, organza, beading, and embroidery, as
well as ceremonial and bridal occasions. More White-associated names are more strongly
associated with casual and athleisure products, including materials such as spandex and
polyester, as well as plus-size fits. The negative slope indicates that features associated
with minority-associated names also tend to appear on higher-priced products, whereas
features associated with White-associated names tend to appear on lower-priced products.
Supplementary classification analyses similarly show that product characteristics predict a
name’s racial association above chance, both across the market (AUC =~ 0.58-0.66) and
within the same retailer (AUC =~ 0.54-0.60). These patterns make the name-whiteness
measure more substantively interpretable and identify product-composition differences that

may account for part of the price association examined below.

A Persistent Minority Name Premium

Having established how racial associations in names map onto the product-feature space,
I next examine whether name whiteness predicts price and whether the association persists
after accounting for these product differences. Figure 2 and Table 2 report regressions of
logged list price on name whiteness under progressively more restrictive specifications. With
product-category fixed effects, a change from the least to the most White-associated name
is associated with a 14.5 percent lower list price (Model 1). Adding observed material and
aesthetic features reduces the difference to 8.5 percent (Model 2), indicating that product
composition accounts for part, but not all, of the initial association.

The estimate increases to 10.6 percent after adjusting for the name’s associations with
age, gender, income, rarity, and U.S. share (Model 3), and to 12.1 percent after adjusting the
model’s racial presentation (Model 4). The increase between Models 2 and 3 is consistent
with statistical suppression. More White-associated names tend to be older and associated
with higher-income populations, and these correlated meanings partially offset the negative

association between name whiteness and price. Once they are accounted for, the minority
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name premium becomes larger.

The final specification includes retailer fixed effects. This adjustment substantially re-
duces the estimate but does not eliminate it. A change from the least to the most White-
associated name remains associated with a 2.6 percent lower list price (Model 5). The decline
from Model 4 to Model 5 suggests that higher-priced retailers also tend to use minority-
associated names more frequently. Stable differences in retailers’ price levels and market
positions therefore appear to account for a substantial portion of the premium, but not all
of it.

A group-level decomposition shows that the premium is not evenly distributed across
racial categories. Relative to products with White-associated names, products with Asian-
associated names receive the largest price premium (+28.8%, p < 0.001), followed by Black-
associated (4+10.2%, p < 0.001) and Hispanic-associated names (+6.4%, p = 0.006). This
pattern is consistent with the possibility that cultural distance or foreignness contributes to
valuation, given prior research positioning Asian Americans as more culturally foreign to the
White mainstream than Black or Hispanic Americans (Zou and Cheryan, 2017; Cheryan and

Monin, 2005). I return to this possibility in Part Two.

Matched-Image Comparisons

I next restrict the analysis to dropshipped dresses from different retailers that use the
same primary product image but assign the product different names. Other product cat-
egories yielded too few matched listings to support stable estimates and were therefore
excluded. Figure 3 presents two examples: one dress listed as “Roxana” (whiteness 0.14)
at $369 and as “Lydia” (whiteness 0.59) at $205, and another listed as Leilani” (whiteness
0.15) at $188 and as Serena” (whiteness 0.47) at $70. Regression models with photo-block
fixed effects show that a fully White-associated name is associated with an approximately
26% lower list price than a fully minority-associated name (8 = —0.303, p = 0.023, N = 672

listings across 202 photo blocks). The design does not eliminate differences across retailers,

15



but it strengthens the inference that the price difference reflects more than the product’s

material properties.

2.3.6 Summary

The archival analysis of fashion product listings adjudicates between two competing ex-
pectations about the effect of minority racial associations on product valuation. The results
support H1b over Hla. Minority-associated names are associated with higher prices, and this
association persists after accounting for the garment’s material characteristics, the model’s
racial presentation, retailer fixed effects, and even comparisons of the same photograph listed
under different names. Because the data are observational, the analysis cannot explain why
this valuation premium exists. Part Two of the paper develops differentiation as a potential

explanation and tests it using a series of preregistered experiments.

3 Part Two: Explaining the Minority Name Premium

3.1 Differentiation as a Mechanism of the Minority Name Premium

Why might the same names that are penalized in labor markets be associated with higher
valuations when attached to fashion products? I argue that the answer lies partly in a shift
in the criteria by which targets are evaluated. In labor markets, evaluators typically assess
candidates for competence and trustworthiness. In fashion markets, by contrast, products
are often valued for being distinctive from what is common or conventional.

Research on evaluation has long recognized that the same person, object, or action can
be judged differently according to different criteria of worth (Boltanski and Thévenot, 2021;
Lamont, 2012). Characteristics that are devalued under one evaluative criterion may become
valued under another. Gender provides one such example: female-led ventures may be disad-
vantaged when competence dominates evaluation, but this penalty diminishes when ventures

are framed around social and environmental impact, making stereotypically feminine asso-
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ciations with warmth more relevant (Lee and Huang, 2018). Recent research suggests that
racial evaluations are similarly contingent on the criteria that are salient. Black Americans
experience different degrees of evaluative disadvantage depending on whether employers value
stereotypically American or high-status characteristics in a job (Pope et al., 2026). Build-
ing on this logic, racial minority associations may likewise be evaluated differently under
different logics of product evaluation. Here I test differentiation as one such evaluation logic.

To provide evidence for differentiation as a mechanism underlying the minority name
premium, I examine two links separately. First, minority-associated identities should make
products appear more distinctive. Second, this perceived distinctiveness should increase
product valuation.

The first link is theoretically supported by the different structural positions occupied
by White and minority identities in the U.S. racial order. In this order, Whiteness often
functions as an implicit mainstream category (Devos and Banaji, 2005; Perry, 2001), whereas
racial minority categories are positioned at greater distance from that mainstream (Zou and
Cheryan, 2017). This structural difference is reflected in cultural markedness—the extent to
which a category is understood as deviating from an unlabeled, implicit default (Brekhus,
1998). Consistent with the idea that an unmarked White identity provides relatively little
distinctiveness, prior research shows that making White racial identity salient (e.g., telling
people they are “just White”) can produce a uniqueness threat (Rios and Mackey, 2022).
Applied to the current setting, a White-associated identity therefore provides relatively little
information that differentiates a product from the cultural mainstream, whereas a minority-

associated identity may make the same product appear more distinctive.

H2 (Differentiation Perception). Products bearing minority-associated names

will be percewved as more distinctive than products bearing White-associated names.

Why should perceived differentiation increase valuation? Literature provides complemen-

tary reasons on the producer and consumer sides of the market.
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For producers, differentiation can reduce the substitutability of an offering, weaken di-
rect rivalry, and allow firms to occupy less directly contested market positions (Deephouse,
1999; Makadok and Ross, 2013; Cattani et al., 2017). By relaxing price competition, such
differentiation can increase producers’ pricing power (Shaked and Sutton, 1982). Impor-
tantly, differentiation need not arise only from material or functional differences but through
cultural and symbolic attributes (Sgourev et al., 2023; Taeuscher and Lounsbury, 2025;
Taeuscher et al., 2022). Two materially similar products may occupy different perceived
market positions because of different symbolic meanings attached to their names (Verhaal
et al., 2015). Such symbolic differentiation may therefore allow producers to charge higher
prices for otherwise similar products.

From a consumer perspective, differentiation can also create value because it contributes
to identity construction. Consumers use products not only for their functional utility but
also to express, affirm, and develop understandings of who they are (Belk, 1988; Arnould and
Thompson, 2005). Because consumers can be motivated to maintain a sense of uniqueness
relative to others, products that appear less conventional can provide additional identity
value (Simonson and Nowlis, 2000; Tian et al., 2001; Lynn and Harris, 1997). Importantly,
such identity value does not necessarily require an external audience. Consumers may value
a unique product because it communicates something to others, but they may also value
it because consuming the product allows them to see themselves as unique (Bodner and
Prelec, 2003). Thus, both public signaling and private “self-signaling” can make product
differentiation valuable.

Differentiation, however, may not always increase valuation. Excessive distinctiveness can
weaken categorical fit, making an offering more difficult for audiences to classify and evaluate
(Zuckerman, 1999; Hsu, 2006). The value of differentiation also depends on the extent
to which a product domain is relevant to identity expression. Consumers are more likely
to value and seek differentiation in domains where choices communicate identity, whereas

the benefits of distinctiveness are attenuated in less identity-relevant domains (Berger and
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Heath, 2007). Both concerns are likely to be limited in the current setting. First, the
source of differentiation in our setting is a symbolic cue attached to the product rather
than a departure from the product category itself. Garments with different names remain
recognizable members of established clothing categories even as their symbolic meanings
vary. Second, fashion is a highly identity-relevant domain in which consumption plays a
central role in identity construction and expression (Thompson and Haytko, 1997). Fashion’s
well-documented cycles are partly driven by consumers’ desire for differentiation: as styles
become increasingly popular, they lose their capacity to confer uniqueness and eventually
fall out of favor (Simmel, 1957; Lieberson, 2010). Taken together, these arguments suggest

that differentiation in the fashion market should be associated with higher valuation.

H3 (Mediation by Differentiation). The positive effect of minority-associated

names on product valuation is mediated by perceived product differentiation.

3.2 Prevalence-Based and Meaning-Based Differentiation

Differentiation is generally conceptualized as distance from a relevant reference point. Schol-
ars have operationalized it as distance from categorical prototypes (Taeuscher et al., 2022;
Taeuscher and Lounsbury, 2025), peers (Askin and Mauskapf, 2017; Gouvard et al., 2023;
Shen et al., 2025), or statistical typicality (Uzzi et al., 2013; Shi and Evans, 2023). These
approaches capture how far an offering departs from what is typical but do not always dis-
tinguish the source of that distance. Recent work has therefore begun to disaggregate the
dimensions along which actors differ from peers (Gouvard et al., 2023; Shen et al., 2025).

Racially associated product names provide a useful setting for distinguishing two types of
differentiation: prevalence-based and meaning-based differentiation. Prevalence-based differ-
entiation arises from statistical rarity. A rare name may appear differentiated simply because
consumers encounter it less frequently.

Meaning-based differentiation, by contrast, arises from the cultural meanings attached

to a racial category. Here, the relevant reference point is not the statistical distribution of

19



names but the culturally default White category. Because White Americans are perceived
as the most prototypically “American,” racial minorities are positioned at varying distances
from this default (Devos and Banaji, 2005; Devos and Mohamed, 2014). These distances
may differ across groups. For example, Asian Americans are often represented as especially
culturally foreign relative to the White American mainstream (Zou and Cheryan, 2017).

A minority-associated name may generate both types of differentiation: it may be statis-
tically uncommon and culturally distant from the mainstream. Yet the two are analytically
different. A White-associated name can be rare while remaining culturally close to the
mainstream, whereas a minority-associated name can be common while remaining cultur-
ally marked. If the minority name premium is driven solely by prevalence, any sufficiently
uncommon name should produce the same effect. However, if the premium persists when
prevalence is held constant, this would provide evidence that meaning-based differentiation

functions independently of prevalence-based differentiation.

H4 (Meaning-Based Differentiation). The positive effect of minority-associated

names on product valuation will persist when name prevalence is held constant.

3.3 Differentiation versus Alternative Accounts
3.3.1 Differentiation, Cultural Capital, and Exoticism

How does a differentiation-based explanation relate to existing sociological explanations of
why minority-associated cultural forms may receive favorable evaluations? Two alternative
explanations are especially relevant. In the section below, I explain why the minority pre-
mium cannot simply be reduced to either (1) the pursuit of cultural capital or (2) preferences
for authenticity or exoticism.

The first alternative explanation views boundary-crossing consumption as a contempo-
rary form of cultural capital. Research on cultural omnivorousness argues that broad, cross-

boundary tastes can function as markers of elite status (Bryson, 1996; Peterson and Kern,
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1996; Lizardo and Skiles, 2012). Consistent with this view, omnivorous tastes have been
linked to advantages in interpersonal interactions and hiring (Koppman, 2016), and their
display can communicate status or authenticity to others (Hahl et al., 2017). The status
benefits of such tastes, however, more or less depend on their being visible to and recognized
by others. This mechanism is less applicable to the present setting because product evalu-
ations occur privately, without an audience to whom consumers can display their tastes to
obtain status recognition.

The second alternative explanation focuses on authenticity and exoticism, the cultural
frames through which minority-associated offerings are valued. Drawing on Johnston and
Baumann (2007), authenticity can be understood broadly as perceived rootedness in an
origin, whereas exoticism captures perceived distance from an audience’s familiar cultural
world. Of the two, exoticism is particularly close to differentiation because both involve
perceived distance. Yet exoticism and differentiation are not equivalent. Differentiation is
an abstract relational property: an offering is differentiated to the extent that it is perceived
as distant from relevant alternatives or reference points. Exoticism, by contrast, is a cul-
turally specific interpretation of certain forms of distance. An offering may be perceived
as differentiated without being experienced as exotic. For example, consumers who share
the minority identity associated with a product may still perceive it as differentiated from
prevailing market offerings, even if they do not experience its cultural associations as foreign
or exotic. Exoticism can also carry normative implications (Oleschuk, 2017) that are not
necessary to explain the observed pattern. In summary, authenticity is conceptually dis-
tinct from differentiation, whereas exoticism is better understood as one culturally specific
interpretation of differentiation. Neither therefore maps as precisely onto the mechanism
proposed here.

Still, differentiation and these alternative explanations need not be mutually exclusive. In
some settings, differentiation may be interpreted through frames of authenticity or exoticism,

and social visibility may amplify its value. The present argument is narrower: perceived
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differentiation can itself contribute to favorable evaluation, even when consumption is private

and without requiring consumers to interpret the offering as authentic or exotic.

3.3.2 Differentiation Evaluation or Identity Embodiment?

Another alternative explanation concerns evaluation logic more generally. When comparing
name evaluation in the labor market with name evaluation in the fashion market, at least
two factors change simultaneously. The first is a shift in evaluation logic—from competence
to differentiation—which the previous section has discussed. At the same time, however, the
embodiment of identity also changes. In the labor market, names are attached to concrete
individuals, whereas in the fashion market, names function as disembodied symbolic labels.
This raises an alternative explanation: how do we know that the observed difference is driven
by a shift in evaluation logic rather than by a shift in whether identity is embodied?

The embodiment explanation also has substantial theoretical support, particularly in
research on cultural appropriation and structural tokenism. Research on cultural appropria-
tion has long identified the paradox that appreciation of cultural forms can coexist with the
devaluation of their producers (hooks, 1992; Crockett, 2008; Oshotse et al., 2024). For ex-
ample, Euro-American society historically displaced Native Americans while simultaneously
adopting Native names and imagery as symbols of American places and identities (Grounds,
2001). Similarly, Black symbolic elements, including vernacular, styles, and music, may be
widely adopted in markets even as Black sellers and minority-owned brands face market
penalties (Fairlie and Robb, 2008). Structural accounts of tokenism point to a related dy-
namic: minority-group members may be selectively included as visible symbols of diversity
while broader patterns of inequality persist (Childress et al., 2024; Ray, 2019). Taken to-
gether, these literatures suggest that minority identities may be valued as symbolic resources
without equivalent valuation extending to the people who embody them.

I argue that embodiment and evaluation logic are systematically related. When a mi-

nority identity is embodied in a concrete individual, evaluation is more likely to invoke
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judgments of competence, trustworthiness, or other person-relevant attributes. When the
same identity is abstracted into a symbolic cue, competence-based inference becomes less
applicable, and evaluation may instead shift toward differentiation.

In this paper, however, I seek to show that evaluation logic has an effect above and
beyond embodiment. I distinguish the two explanations through two empirical exercises in
the experiments that follow. First, I conduct a moderation test examining whether the effect
changes depending on whether a name is interpreted as referring to an individual, such as a
designer or target consumer, or as functioning as a symbolic cue for a product’s style. This
test directly examines whether embodiment alters the effect. Second, in an ongoing cross-
domain test, I hold the minority identity constant as a symbolic cue while varying domains
with different evaluative criteria (e.g., from clothing to dish soap and painkiller). If the same
symbolic minority identity is evaluated differently in domains that place greater emphasis on
differentiation than in domains that prioritize functional competence and trustworthiness,
such evidence would be difficult to explain by embodiment alone and would instead support

the proposed role of evaluation logic.

3.4 Experiments: Testing the Differentiation Explanation

Overview

The following experiments address three questions. First, do consumers reproduce the
minority name premium observed in the archival data? Second, does product differentiation
help explain this premium, and does it reflect the cultural meaning of minority-associated
names rather than simply their statistical rarity? Third, does the effect extend across dif-
ferent forms of evaluation, from inferred market value to perceived quality and willingness
to pay?

Four experiments provide complementary tests of these questions. Experiment 1 tests

whether consumers reproduce the minority name premium by inferring higher price tiers
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for products with minority-associated names (H1b). Experiment 2 manipulates perceived
product differentiation to test whether differentiation mediates the minority name premium
(H3). Experiment 3 tests whether the premium persists when prevalence-based differentia-
tion is held approximately constant, providing a test of meaning-based differentiation (H4).
Experiment 4 directly tests whether minority-associated names increase perceived product
differentiation (H2) and examines whether the premium in inferred price tiers extends to

perceived quality and willingness to pay. All four experiments were preregistered?.

Shared Experimental Procedures

Across the four experiments, participants were U.S. adult women with experience shop-
ping for clothing online, recruited through Prolific. The experimental stimuli were human
first names drawn from actual fashion-product listings in the archival data and spanning a
broad range of racial associations. In Experiments 1 through 3, participants completed a
“TierGame” task in which they saw a series of dress names (e.g., “The Latoya Dress”) with
no other product information and classified each as more likely to belong to a boutique line
(3100) or a budget line ($50) (Figure 4). Each participant evaluated a randomly assigned set
of names, and participants received a performance-based bonus to encourage effortful judg-
ments. Experiment 4 used the same basic name-only presentation but replaced the binary
tier-classification task with five-point Likert ratings of perceived differentiation, expected
price, expected quality, and willingness to pay.

I use two sets of name stimuli (Table S3). Experiments 1 and 2 use a naturalistic set that
preserves the correlations among racial association and other name characteristics found
in the population. Experiments 3 and 4 use a second set constructed to separate racial
association from name prevalence, allowing a cleaner test of meaning-based differentiation.
Each set contains 90 names, all of which have appeared in actual product listings.

At the end of each experiment, participants reported standard demographic character-

30SF preregistrations: Experiment 1; Experiment 2; Experiment 3; Experiment 4.
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istics, including age, race and ethnicity, income, education, and political ideology. I also
measured boutique-shopping frequency as a control for familiarity with the market, as well
as participants’ tendency to seek fashion or style from cultures other than their own as a
measure of cultural omnivorousness tendency. Finally, participants reported what they be-
lieved the product names were intended to convey, allowing exploratory analyses of whether
the minority name premium varied depending on whether names were interpreted as refer-
ring to a concrete person or as abstract symbolic cues. This measure provides an exploratory
test of the identity-embodiment alternative discussed above. For descriptive statistics, see
Table S4 in the supplement. Experiment-specific sample sizes, exclusions, manipulations,

and analytic specifications are reported in the corresponding sections below.

3.4.1 Experiment 1: Consumer Replication of the Minority Name Premium

Data and Design

Experiment 1 tests whether consumers reproduce the minority name premium observed
in the archival data when evaluating products based on their names alone. A total of 353
participants were recruited from Prolific. After excluding five participants who failed the
attention check and one duplicate response, the analytic sample included 347 participants,

who produced 10,410 judgments.

Results

Figure 5, Panel A, reports the results from Experiment 1. Moving across the full range
from minority- to White-associated names reduced the predicted probability of boutique
classification by 23.3 percentage points in the linear probability model (95% CI [-35.1,
—11.6], p < .001). Thus, consumers reproduced the minority name premium observed in the
archival data, assigning products with minority-associated names to the higher-priced tier

more often. This provides consumer-level support for H1b.
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The estimate attenuated substantially after accounting for other name characteristics.
Controlling for rarity, associated income, name age, and U.S. share reduced the linear-
probability estimate to —6.0 percentage points, and the coefficient was no longer statistically
significant (95% CI [—19.1, 7.0], p = .35; Table S5). Most of the attenuation was associated
with rarity and, to a lesser extent, U.S. share. Experiment 1 therefore establishes a consumer-
level version of the archival premium but does not distinguish whether consumers respond

to the racial meaning of minority-associated names or simply to their lower prevalence.

3.4.2 Experiment 2: Manipulation on Product Differentiation

Data and Design

Experiment 2 tests whether product differentiation explains the minority name premium
by experimentally manipulating perceived product differentiation. Following the controlled-
direct-effect approach (Acharya et al., 2018), participants were randomly assigned to either
a natural or manipulated condition. In the natural condition, participants saw the product
name alone, as in Experiment 1. In the manipulated condition, each name appeared with
information describing the dress as either “similar to most dresses on the market” or “different
from most dresses on the market.” These low- and high-differentiation cues were varied within
participants and counterbalanced across names. Comparing the name effect in the natural
condition with the effect when differentiation is experimentally manipulated provides a test
of whether differentiation mediates the premium.

A total of 480 participants were recruited. After excluding one duplicate, two participants
who failed the Prolific bot screen, and nine attention-check failures, the analytic sample

included 468 participants, equally divided between the natural and manipulated conditions.
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Manipulation Check

Boutique classifications shifted substantially in response to the differentiation manipula-
tion. The boutique-classification rate was .34 under the low-differentiation cue, .52 in the
natural condition, and .68 under the high-differentiation cue. This pattern indicates that

the manipulation shifted boutique classifications in the expected direction.

Results

Figure 5, Panel B, reports the results. In the natural condition, moving across the full
range from minority- to White-associated names reduced the probability of boutique classi-
fication by 32.4 percentage points (95% CI [—43.5, —21.2|, p < .001). When differentiation
was experimentally manipulated, the name effect became smaller: —22.2 percentage points
under the low-differentiation cue and —18.6 percentage points under the high-differentiation
cue.

Relative to the natural condition, the minority name premium was reduced by 10.7
percentage points under the low-differentiation cue and 13.9 percentage points under the
high-differentiation cue. Averaged across the two manipulated conditions, experimentally
manipulating differentiation reduced the name effect by approximately 38 percent. These
results are consistent with H3: the positive effect of minority-associated names on product

valuation is partly mediated by perceived product differentiation.

3.4.3 Experiment 3: Separating Meaning-Based from Prevalence-Based Differ-

entiation

Data and Design

Experiment 3 tests whether the minority name premium persists when racial association
is separated from name prevalence. In the naturalistic stimulus set used in Experiments

1 and 2, minority-associated names also tended to be less common, making it difficult to
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distinguish meaning-based differentiation from prevalence-based differentiation. Experiment
3 addresses this issue using a second stimulus set constructed to decorrelate name whiteness
from Census frequency. In this set, the correlation between whiteness and logged Census
frequency was small and statistically insignificant (r = .07, p = .52), compared with a
substantially larger correlation in the first stimulus set (r = .38, p < .01). Names inevitably
carry multiple social associations, making it impossible to match them perfectly on every
dimension (Gaddis, 2017). I therefore adjust for remaining name-level characteristics (e.g.,
income and age) as covariates.

A total of 200 participants were recruited. After excluding three attention-check failures,

the analytic sample included 197 participants, who produced 5,910 judgments.

Results

Figure 5, Panel C, reports the results. Moving across the full range from minority- to
White-associated names reduced the probability of boutique classification by 23.3 percentage
points (95% CI [-34.7, —12.0], p < .001). The estimate was virtually unchanged after
adjusting separately for Census frequency (—23.2 percentage points) or U.S. share (—23.6
percentage points). Thus, the minority name premium persists even in a stimulus set in
which racial association is approximately independent of name prevalence.

Other name characteristics do not account for the premium. In particular, adjusting
for associated income increases rather than attenuates the estimated effect because Whiter
names tend to carry higher-income associations that independently favor boutique classifi-
cation. In the full model controlling for associated income, name age, U.S. share, and rarity,
the estimated effect remains sizable at —32.4 percentage points (Table S5). These results
support H4: the minority name premium cannot be explained solely by prevalence-based

differentiation and is consistent with an independent role for meaning-based differentiation.
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3.4.4 Experiment 4: Differentiation and Consumer Evaluation

Data and Design

Experiment 4 directly tests whether minority-associated names increase perceived prod-
uct differentiation (H2) and whether the minority name premium extends beyond inferred
price tiers to other forms of consumer evaluation. The experiment uses the same prevalence-
balanced stimulus set as Experiment 3, allowing these relationships to be examined while
minimizing differences in name frequency.

Participants rated each product on four dimensions: perceived differentiation (“How dis-
tinctive is this dress compared with other dresses sold online?”), expected price (“Compared
with a typical online dress, how is this one probably priced?”), expected quality (“How would
you expect the quality of this dress to compare with other dresses sold online?”), and will-
ingness to pay (“Compared with what you typically pay for a dress, how much would you
pay for this one?””). Each outcome was measured on a five-point scale, with higher values
indicating greater differentiation, expected price, expected quality, or willingness to pay.

A total of 240 participants were recruited. After excluding four attention-check failures,

the analytic sample included 236 participants.

Results

Figure 5, Panel D, reports the results. Consistent with H2, moving across the full range
from minority- to White-associated names reduced perceived differentiation by 0.60 points on
the five-point scale (95% CI [—0.80, —0.40], p < .001). Minority-associated names therefore
made otherwise unspecified products appear more differentiated even when name prevalence
was approximately balanced across different levels of racial associations.

The minority name premium also extended to other forms of evaluation. Moving from
minority- to White-associated names reduced expected price by 0.35 points (95% CI [—0.55,
—0.16], p < .001), expected quality by 0.35 points (95% CI [—0.55, —0.15], p < .001), and
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willingness to pay by 0.31 points (95% CI [—0.48, —0.13], p < .001). Thus, the effect is not
limited to consumers’ inferences about where products are positioned in the market; it also
extends to perceived quality and consumers’ own willingness to pay.

Perceived differentiation showed the largest association with name whiteness. Its esti-
mated effect was approximately 1.7 times as large as the effect on expected quality, and the
difference between the two coefficients was statistically significant (Ag = —0.25, p < .001).
Together, these results provide direct evidence that minority-associated names increase per-
ceived product differentiation and also generating favorable evaluations on dimensions be-

yond price.

3.4.5 Cross-Experiment Tests of Alternative Accounts

The preceding experiments establish the minority name premium and provide evidence for
differentiation as one mechanism. I next examine whether the pattern is consistent with the
main alternative explanations discussed above.

The cultural-capital account suggests that favorable responses to minority-associated
cultural forms may be especially pronounced among consumers for whom broad, boundary-
crossing tastes serve as a source of cultural capital. The private nature of the experimental
tasks already limits participants’ opportunities to display such tastes to others. As an ad-
ditional test, I examine whether the minority name premium is larger among participants
with higher incomes, more education, or greater cultural omnivorousness. Across all four
experiments, none of these characteristics consistently moderated the premium (Table S6).
Because the Prolific samples contain relatively few elite respondents, these analyses provide
limited leverage for ruling out cultural-capital processes among elite consumers. Neverthe-
less, they show that the minority name premium is not confined to an affluent or highly
educated population.

The identity-embodiment account predicts a weaker minority name premium when names

are interpreted as referring to concrete people rather than as symbolic cues. This possibility
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is consistent with prior research showing that otherwise similar market offerings may receive
lower evaluations when sold by minority sellers (Ayres et al., 2015; Tak et al., 2019). I there-
fore examine whether the minority name premium varies depending on whether participants
interpret product names as referring to concrete people (e.g., designers or consumers) or as
symbolic cues (e.g., style). The results show no significant differences between these interpre-
tations (Table S6). Because name interpretation was measured rather than experimentally
assigned, these analyses are exploratory. Nevertheless, they provide no consistent evidence
that the premium depends on participants interpreting the name as disembodied symbolic
cues.

The remaining exploratory moderators, including participant race, political ideology,
and boutique-shopping frequency, likewise showed little systematic variation in the minority
name premium (Table S6). Taken together, the cross-experiment analyses suggest that the
premium is not readily confined to a particular demographic group or interpretation of the

naming cue.

3.4.6 Heterogeneity in Meaning-Based Differentiation

Meaning-based differentiation implies that the minority name premium may vary across mi-
nority categories because they occupy different cultural positions relative to the implicitly
White mainstream. I therefore re-estimate the main models by replacing name whiteness
with analogous measures of Black, Hispanic, and Asian association. Table S7 shows sub-
stantial variations across these minority associations. Hispanic and Asian association demon-
strate the largest premium, whereas Black association shows a smaller and less consistent
pattern. This pattern differs somewhat from the archival results, where Asian association
exhibited the largest premium and the estimates for Black and Hispanic association were
more similar.

These estimates should be interpreted cautiously because the stimulus sets contain an

uneven number of names across racial groups, with roughly 18 Hispanic-associated names but

31



only 4 to 10 Black- or Asian-associated names. I therefore do not interpret the estimates as
a direct ranking of groups by cultural distance. The heterogeneity is nevertheless consistent
with the idea that different cultural positions relative to the mainstream generate different

degrees of meaning-based differentiation.

4 Discussion

When are racial minority categories penalized or valorized in market evaluation? This paper
investigates this question through a puzzle. Minority-associated names are routinely penal-
ized when attached to people in hiring, housing, and healthcare. Why, then, do retailers use
these same kinds of names to label products? Across more than 1.3 million product listings
and four preregistered experiments, I find that minority-associated names are associated
with higher list prices and more favorable consumer evaluations in fashion. The experiments
provide evidence for symbolic differentiation as one explanation: because racial minority
categories are culturally distant from an implicitly White mainstream, minority-associated
names make products appear more distinctive, and this perceived differentiation contributes
to higher valuations. The findings therefore reveal a setting in which an association often
linked to disadvantage becomes a source of market value.

These findings provide one way to reconcile the literatures that motivate the paper.
Research on discrimination documents persistent penalties associated with racial minority
categories, whereas research on cultural consumption shows that minority-associated cultural
forms can also be valorized, explaining such patterns through cultural capital, preferences
for authenticity or exoticism, and alignment with pro-diversity norms. The differentiation
account identifies a complementary pathway. Persistent discrimination does not imply that
racial minority associations carry a fixed negative value across evaluative settings. Nor must
consumers value a minority identity per se for minority association to increase valuation.

Instead, a culturally marked category can generate value relationally: its distance from the
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mainstream can differentiate an offering, and that differentiation can become valuable when
evaluators reward distinctiveness.

The findings also contribute to existing accounts of minority valorization by clarifying the
role of social visibility. Existing accounts often emphasize benefits that depend at least partly
on an external audience, such as displaying cultural capital or signaling authenticity. The
experiments here show that favorable evaluations of minority-associated products can also
emerge under private evaluation, where opportunities to obtain interpersonal or reputational
benefits are limited. This suggests that an external audience is not always necessary for
minority association to increase valuation.

More broadly, because symbolic differentiation depends on a category’s position relative
to the mainstream rather than on racial content per se, the mechanism may extend to other
minority or culturally marked categories. The minority name premium thus illustrates a
more general process through which culturally meaningful distance from the mainstream
can become a source of market value. This argument builds on a relational view of valuation
in which worth does not inhere in entities themselves but emerges partly from the distinctions
and referents through which they are socially situated (Lamont, 2012; Mila, 2015; Simmel,
2004).

Three qualifications are important for interpreting the “minority name premium.” First,
the premium does not imply a simple arbitrage opportunity in which sellers could increase
prices merely by assigning minority-associated names to more products. Differentiation is
self-limiting. Widespread adoption of minority-associated names would make them more
common and thereby erode the positional value from which the premium arises. This may
also help explain why sellers tend to pair names with particular styles and materials. Re-
placing one name with another may disrupt the perceived coherence of the offering, while
applying the same kinds of names too widely may weaken their differentiating value. The
persistence of the premium is therefore compatible with a market in which differentiation

depends on maintaining an uneven symbolic distribution rather than exploiting a simple
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arbitrage by applying minority-associated names indiscriminately.

Second, the “premium” describes a relative comparison, not an absolute increase in value
produced by minority-associated names. Audit studies have long debated whether the ef-
fects they document reflect a preference for White candidates or a penalty against minority
candidates (Aboud, 2003; Block et al., 2021; Polavieja and Fischer-Souan, 2023). Here, the
term means that products with minority-associated names receive more favorable evalua-
tions than otherwise comparable products with White-associated names. It does not imply
that White-associated names reduce value relative to the absence of a name. Table S8 shows
that human-named products generally command higher prices than products without human
names, regardless of the name’s racial association. White-associated names simply provide
a smaller premium than minority-associated names. One interpretation is that human nam-
ing already individualizes a product (Brédart, 2021; Waytz et al., 2014), making it appear
more distinctive, while a culturally marked human name provides an additional source of
differentiation.

Finally, a premium attached to minority-associated product names should not be in-
terpreted as an economic advantage for minority-owned businesses. Although the results
suggest that the premium is not reducible to a completely disembodied symbolic cue, it is
uncertain whether an effect of this magnitude could offset the broader structural disadvan-
tages faced by minority-owned businesses (Bates, 1997; Fairlie and Robb, 2008). Moreover,
name whiteness explains only a small share of the variation in actual product prices relative
to the many other signals that shape a listing’s price. Its direct implications for the revenue

of any individual seller are therefore likely to be modest.

Limitations

The first limitation concerns generalizability. The empirical setting is the fashion in-
dustry, and the experimental stimuli focus specifically on dresses. The findings therefore

cannot establish that minority-associated names receive more favorable evaluations across
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product markets more generally. Nevertheless, the proposed differentiation mechanism sug-
gests a theoretically meaningful boundary condition. The minority name premium should
be more likely to emerge in consumption domains where products carry substantial sym-
bolic value and where consumers value identity expression. These conditions are likely to
characterize domains such as fashion, art, wine, music, and home décor more strongly than
domains in which evaluation is driven primarily by standardized functional performance,
such as household cleaning products or medicine. An ongoing experiment using the same
name stimuli across different consumption domains will provide a more direct test of this
proposed boundary condition.

A second limitation concerns temporality. The archival data are primarily cross-sectional
and capture the contemporary market at a particular point in time. The present analyses
therefore cannot determine when the minority name premium emerged, whether its mag-
nitude has changed over time, or whether the mechanisms producing it have themselves
evolved. Longitudinal research could examine whether the premium grew alongside broader
changes in cultural consumption, including the rise of cultural omnivorousness, the insti-
tutionalization of diversity-related values, or changing preferences for uniqueness and dif-
ferentiation. Longitudinal data could also reveal which types of organizations first adopted
minority-associated product names and how naming practices diffuse across firms and market
segments.

A final limitation concerns mechanism. Although experimentally manipulating differen-
tiation substantially attenuates the minority name premium, it does not eliminate the ef-
fect. Differentiation should therefore be understood as one consequential mechanism rather
than an exhaustive explanation. Minority-associated names may also evoke authenticity,
exoticism, cosmopolitanism, diversity-related preferences, or other culturally meaningful as-
sociations discussed in prior research. The present studies only provide suggestive evidence
that differentiation cannot be reduced to these alternative explanations, but it does not fully

test these explanations or cleanly separate them from one another. Future research could
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manipulate these mechanisms more directly and examine the conditions under which they
reinforce, substitute for, or counteract differentiation. The persistence of a residual name
effect therefore does not undermine the differentiation account, but it does suggest that the
valuation of minority-associated products is likely produced by more than one process.
Despite these limitations, the minority name premium reveals a broader possibility in
market evaluation. Social categories associated with disadvantage in some settings can be-
come sources of value when their distance from the cultural mainstream provides something
the market prizes. The findings therefore suggest that understanding when minority cate-
gories are penalized or valorized requires attention not only to the categories themselves, but
also to the criteria through which markets assign value. By showing how differentiation can
transform a minority association into a market premium, this paper identifies one mechanism

through which social boundaries can become sources of market value.
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Tables

Table 1: Correlations Among Name Association Measures

Source o @ & @ 6 (©
(1) Name age SSA 1.00
(2) Name gender Census 0.04 1.00
(3) Name income L2 —-0.19 —-0.18 1.00
(4) Rarity Census —-0.09 025 —0.05 1.00
(5) U.S. share Facebook —0.03 0.04 —-024 —-0.21 1.00
(6) Name whiteness Census 020 —-0.07 041 -0.19 0.15 1.00
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Table 2: OLS Regressions of Log List Price on Name Whiteness

(1) (2) (3) (4) (5)
Baseline  +Features +Name assoc. +Model race +Retailer FE
Dependent variable: log(list price)
Name whiteness (0—1) —0.1453**  —0.0848*** —0.1056*** —0.1212%* —0.0259***
(0.0291) (0.0191) (0.0227) (0.0223) (0.0073)
Name age (2) 0.0403*** 0.0420*** 0.0020
(0.0046) (0.0046) (0.0014)
Name female share (z) —0.0353"** —0.0374*** —0.0025"
(0.0056) (0.0056) (0.0014)
Name income (z) 0.0302* 0.0323"** 0.0007
(0.0046) (0.0045) (0.0017)
Name rarity (z) 0.0403*** 0.0393*** 0.0043***
(0.0048) (0.0047) (0.0014)
Name U.S. share (z) —0.0293*** —0.0295*** —0.0028**
(0.0042) (0.0042) (0.0013)
Product category FE Yes Yes Yes Yes Yes
Product feature controls No Yes Yes Yes Yes
Name associations No No Yes Yes Yes
Model racial presentation No No No Yes Yes
Retailer FE No No No No Yes
Observations 204,170 204,170 203,437 203,437 203,437
R? 0.070 0.321 0.327 0.335 0.837

Standard errors, clustered by retailer, are in parentheses.

*p < 0.01, *p<0.05 *p<0.1.
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Figures
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M/nor/ty material: cashmere Whlte_
. Expensive L T Expensive
’ material: organza i
pattern: beaded : Feature frequency
1.00 - i 1% of products
material: silk
) ¢ ! 5% of products
< :
8_ 0.75 I 20% of products
> |
o |
- style: luxury !
= N !
\. .»777 . 1 . .
4 al: i occasion: weddin
g 0.50 material: sequin o : 9 olor: -
— o 1 -
e _ : o
o structure: embros !
3 oo structure: buttons
o 0.25 - occasion: formal ———— * étyle: classic )
= P : occasion: casual
§ length: maxi :
D 000 o mo wremenesrn s s m g i -9
- length: mini
& | <
o style: sexy sl /rpaterial: polyester
~0.25 - : W .
N | s __material: spandex
~ fit: bodycon ! it plus
1
Minority | White
-0.50 A Cheap i Cheap
T T T T ; T T T
-0.08 -0.06 -0.04 -0.02 0.00 0.02 0.04 0.06

Feature—name-whiteness correlation (Pearson r)
Figure 1: Name Feature Sorting. Each point represents a product feature. Only features

appearing in at least 0.2% of products are shown (N=309); all 2,292 extracted features are
used in the regression.
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Figure 2: Name whiteness and list price, holding product characteristics constant. Binned
means of log list price against name whiteness, both residualized on product category and
2,292 extracted product features (Frisch-Waugh); shaded band is the 95% confidence interval
of the fit. Slope is —0.085 across the whiteness range; N = 204,170.
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(@)

“Roxana” “Lydia”

lower whiteness (0.14) higher whiteness (0.59)
$369 $205
Flower's Dress Boutique Andrea & Leo

(b)

“Leilani” “Serena”
lower whiteness (0.15) higher whiteness (0.47)
$188 $70
Lavish Ivy Club Miloe

Figure 3: Drop-shipping Examples
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Dress 1 of 30
Product Name:

The Janette Dress

*Which price tier is this dress more likely to be in?

O Boutigue (around $100)

O Budget (around $50)

Next page >

Figure 4: Survey Interface of "TierGame"
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Figure 5: Summary of results across Experiments 1-4
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Appendix

Table S1: Descriptive Statistics: Products, Storefronts, and Named Products

Variable N Mean SD Min  Median Max
A. Products
List price (USD) 1,386,306 95.59  127.86  10.01 52.00 999.99
Log list price 1,386,306 4.10 0.87 2.30 3.95 6.91
Contains human name 1,386,306 15.8% — — — —
Number of product images 1,386,306 5.4 6.5 0.0 4.0 299.0
Title length (words) 1,386,306 5.4 3.4 1.0 5.0 41.0
Description length (words) 1,386,306 85.6 87.0 1.0 63.0  3,276.0
B. Storefronts
Products per storefront 10,561 131.3 159.6 2.0 70.0 999.0
Uses >1 named product 10,561  70.0% — — — —
Uses >5 named products 10,561 47.0% — — — —
Uses >10 named products 10,561  36.0% — — — —
Named share of catalog (naming stores) 7,395  21.6%  21.6%  0.1% 13.2%  100.0%
C. Named products
Name whiteness 216,104 0.587 0.233  0.002 0.647 0.990
Log Name frequency 216,104 10.67 1.76 5.27 10.77 15.06
U.S. share 215,337 0.251 0.211  0.001 0.181 0.990
Name income score 216,104 0.79 0.15 0.21 0.79 1.43
Name age 216,104 41.9 23.4 5.1 37.7 123.3
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Table S2: Validity of Name-Based Demographic Measures Against External Benchmarks

Constructed measure Johfre 2020 Crabtree 20231 Gaddis 2017% This survey?®
age/gender/ race/income,/ race/ race/age/
race/class citizen education income/pop.

(perc., 1st-name) (perc., full-name) (births, 1st-name) (perc., 1st-name)

Race: White share 0.88 (226) 0.65 (59) 0.89 (159) 0.77 (200)
Black share — 0.97 (59) 0.96 (159) 0.78 (200)
Hispanic share — 0.97 (59) — 0.69 (200)
Asian share — 0.66 (59) 0.62 (159) 0.84 (200)

Female share 0.97 (205) — — —

Age 0.85 (205) — — 0.66 (200)

Income 0.75 (205) 0.75 (52) 0.78 (156) 0.20 (200)

U.S. share — 0.51 (59) — —

Rarity — — 0.72 (159) 0.71 (200)

Note. Cells report Pearson correlations between each constructed name measure and its name-level bench-
mark, with matched-name N in parentheses. All correlations are significant at p < .01 (p < .001 except the
own-survey income cell, p = .005). The Johfre whiteness benchmark is perceived “White” minus “Black” on
a 5-point scale (perceived-White alone: r = 0.89). For income, the constructed measure is L2 bearer income;
benchmarks vary by study (Johfre: perceived parental education; Crabtree: perceived income). For U.S.
share, the constructed measure is the Facebook-derived share of bearers located in the U.S.; the benchmark

is perceived U.S. citizenship.

fCrabtree stimuli are full names (first name plus a racially coded surname), so its race correlations reflect
the whole name and are not separable to the first name alone; treat these rows as full-name design agreement
rather than first-name validation.

$Gaddis (2017, Table A1) uses actual New York birth-record race and education distributions rather than
perceptions, providing a cross-source data check rather than a perceptual validation. The education bench-
mark is the share of mothers with at least some college; the rarity benchmark is — log birth frequency.
SOwn name-perception pretest (200 first names, /13 raters per name): perceived race shares, age, income,
and popularity (the rarity benchmark). Gender is omitted because the stimulus pool is ~98% female (no

variance to validate); the income estimate is imprecise given the small number of raters per name.
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Table S3: Stimulus Names Used in Each Experiment, by Name-Whiteness Bin

Experiment Form Minority (0-0.2) Mid (0.4-0.6) White (0.8-1.0)
) ) ) . Vivienne, Aileen, Serena, Daria, Judy, Lacey, Becky, Carly, Lainey,
Fatima, Priya, Anaya, Anika, Nisha, ] ) ) ) i ] .
Form 1 o ) Helena, Cecily, Matilda, Anya, Juliette, Lindsay, Allison, Melissa, Billie,
Experiment 1 Leticia, Paloma, Lupita, Reyna, Estella .
Sylvia Hannah
Experiment 2 Aditi, Amrita, Meera, Delfina, Araceli, Theodora, Inez, Cosette, Nila, Adella, Jenna, Bethany, Hilary, Caroline,
Form 2 Raquel, Aisha (Ebonee), Keisha, Josephine, Vera, Simona, Eloise, Margaret, Ginny, Lisa, Melanie,
Kiara, Aaliyah Leonora Charlotte, Maren
F 3 Ayesha, Nikita, Riya, Rosa, Zariah, Gloria, Annabel, Yvonne, Zelda, Kaia, Caitlyn, Piper, Karen, Trisha, Lara,
orm
Dania, Indira, Yolanda, Giselle, Yasmin  Carola, Cleo, Sabrina, Farrah, Claudia Gwen, Elle, Jennifer, Abigail, Michele
Aisha, Aniyah, Ayanna, Gabriela, . . . .
] . . Angie, Ethel, Izabella, Johanna, Juliet,  Carly, Christa, Kari, Leanne, Lynda,
Form 1  Kiara, Lorena, Mayra, Priya, Silvia, ; .
Experiment 3 Soni Kyra, Paulette, Serena, Tasha, Thelma  Marianne, Robyn, Sheryl, Tricia, Trudy
onia
Experiment 4 Aaliyah, Adriana, Alejandra, Ayesha, Belinda, Bernadette, Bernice, Desiree, . ) .
: ] o ] Bridget, Cara, Corinne, Janis, Jayne,
Form 2 Daniela, Juana, Keisha, Leticia, Nyla, Evangeline, Janette, Khloe, Ramona, ) .
) ) Kirsten, Lora, Shelley, Tami, Tessa
Priyanka Rochelle, Talia
Anaya, Bibi, Camila, Irma, Jayla, ) ) Becky, Elisabeth, Hayley, Jolene, Kate,
) ] Alana, Britney, Daphne, Edna, Ingrid, o ) )
Form 3  Karina, Latoya, Mariana, Raquel, Kristine, Lorie, Mollie, Rachael,

Valeria

Marisa, Mila, Myrna, Nellie, Sheena

Therese




Table S4: Sample Characteristics by Experiment

Characteristic Exp. 1 Exp. 2 Exp. 3 Exp. 4
main differentiation rarity-matched dress perc.
N 347 468 197 236
Age
18-24 9 13 9 7
25-34 29 26 26 30
35-44 29 25 28 25
45-54 20 19 16 19
5564 10 11 15 13
65+ 3 6 6 6
Race (multi-select)
White 79 70 7 76
Black 12 18 18 19
Asian 9 9 6 7
Am. Indian / Native 2 1 4 2
Native Hawaiian / PI <1 <1 1 <1
Other 2 6 3 2
Prefer not to say 2 2 1 <1

Hispanic / Latino

Yes 9 9 13 8
No 91 91 87 92
Political views
Very liberal 16 18 20 18
Liberal 25 26 28 22
Slightly liberal 10 10 8 12
Moderate 22 23 19 24
Slightly conservative 13 9 9 10
Conservative 10 9 10 10
Very conservative 3 4 6 5

Household income

Under 25k 9 11 15 12

Continued on next page
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Table S4 (continued)

Characteristic Exp. 1 Exp. 2 Exp. 3 Exp. 4
main differentiation rarity-matched dress perc.

25-50k 20 20 21 20
50-75k 21 19 19 20
75-100k 17 16 15 15
100-150k 17 20 18 19
150k or more 13 12 11 12
Prefer not 3 3 1 2

Education
High school or less 1 1 <1 <1
HS diploma / GED 14 10 19 9
Some college 21 22 18 18
Associate’s 7 13 14 14
Bachelor’s 37 37 31 41
Graduate / professional 20 16 18 18
Prefer not 1 1 <1 <1

Cross-cultural interest

Strongly disagree 7 6 8 7
Somewhat disagree 24 21 26 24
Neither agree nor disagree 19 24 22 20
Somewhat agree 39 41 36 41
Strongly agree 11 8 8 8
Boutique purchases (12 mo.)
0 39 42 45 39
1 22 22 19 19
2-3 28 26 21 25
4-5 8 7 10 9
6+ 3 3 4 7
Perceived name purpose
Style / design 52 51 47 60
Brand / designer 16 16 17 11
Customer type 15 14 18 14

Continued on next page
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Table S4 (continued)

Characteristic Exp. 1 Exp. 2 Exp. 3 Exp. 4
main differentiation rarity-matched dress perc.
Nothing in particular 15 15 15 12
Other 2 3 2 3

Usual spend on a dress (Ezp. 4)

Under $40 - — - 25
$40-79 - - - 36
$80-149 — - — 20
$150 or more - — - 18

Social-desirability pressure (Ezp. 4)

None at all - - - 54
A little - - - 23
A moderate amount - - - 15
A lot - - - 5
A great deal - - - 3
Cells are within-experiment percentages of the analyzed sample; “~” denotes a response option not offered

or with no respondents. Race is multi-select.
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Table S5: Robustness of the Whiteness Effect to Name-Level Covariates, by Experiment

Experiment Outcome Baseline + Rarity + Full covariates N
Exp. 1 (main) Boutique rate (pp) -23.3[-35.1, -11.6]*** -12.4[-23.8, -1.1]* -6.0[-19.1, +7.0] 347
Exp. 2 (differentiation, name-only)  Boutique rate (pp) -32.4[-43.5, -21.2]*** -21.0[-31.2, -10.8]*** -11.9[-23.4,-0.5]* 234
Exp. 3 (rarity-matched) Boutique rate (pp) -23.3[-34.7, -12.0]*** -23.2[-34.6, -11.8]*** -32.4[-47.6, -17.2]"* 197
Exp. 4 (dress perc.) Distinctiveness (1-5)  -0.599[-0.802, -0.395]***  -0.591[-0.795, -0.387]***  -0.545-0.824, -0.266]"** 236

Quality (1-5) -0.350 [-0.552, -0.148]***  -0.351[-0.554, -0.147]*** -0.352[-0.621, -0.083]* 236

Price estimate (1-5)  -0.354[-0.547, -0.162]**  -0.355[-0.549, -0.161***  -0.331[-0.549, -0.114** 236
Relative WTP (1-5)  -0.307[-0.482, -0.132]*  -0.307[-0.483, -0.130]***  -0.260[-0.483, -0.037]* 236

Note. Each cell reports the estimated whiteness effect on the indicated outcome, from crossed random-effects
models with by-participant and by-name random intercepts and controls for block and counterbalancing
assignment; 95% confidence intervals appear in brackets. Experiments 1-3 measure boutique classification,
in percentage points; Experiment 4 measures mean ratings on a 1-5 scale. Rarity is the log of the Census
2020 name count. Full covariates adds income association, name age, and U.S. share, each z-scored at
the name level; In the rarity-matched designs (Experiments 3-4), name whiteness is decorrelated from these
attributes by construction (r = 0.07 with rarity), so the effect survives full adjustment; in the unmatched
designs (Experiments 1-2), whiteness is correlated with them across the 90 names (r &~ 0.38 with rarity), so
joint adjustment partly absorbs the effect. Because income association and U.S. share are themselves part
of what a racialized name signals, the full-covariate column should be read as a conservative over-control
rather than the preferred estimate. Experiment 2 reports the name-only (natural) arm. N is the number of

participants. *p < .05, **p < .01, ***p < .001.
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Table S6: Exploratory Moderation Analyses Across Experiments

Moderator

Experiment 1
(main effect)

boutique, pp

Experiment 2

(differentiation manip.)

boutique, pp

Experiment 3

(rarity-matched)

boutique, pp

Experiment 4

(dress perception)

price rating, SD

Conservative ideology +3.7 (0.071) +3.3 (0.238) -0.7 (0.817) +0.04 (0.521)
White participant 8.9 (0.056) 8.2 (0.129) ~15.8" (0.006) -0.11 (0.355)
Hispanic participant +1.9 (0.775) +2.8 (0.673) +4.2 (0.653) -0.11 (0.639)
Age 42.9 (0.162) +1.0 (0.722) 2.3 (0.457) -0.02 (0.775)
Household income +0.7 (0.750) +2.6 (0.308) +0.4 (0.896) £0.09 (0.065)
Education +3.4 (0.101) -0.3 (0.895) 1.3 (0.657) -0.01 (0.882)
Boutique-shopping freq. +4.1* (0.048) +2.6 (0.342) +5.4% (0.043) -0.01 (0.825)
Cross-cultural interest -2.5 (0.235) -4.0 (0.129) +3.3 (0.254) -0.02 (0.753)
Read name — style (vs. nothing) -4.0 (0.511) -5.0 (0.534) +13.0 (0.119) -0.08 (0.572)
Read name — designer (vs. nothing) +4.5 (0.535) +4.9 (0.645) +22.4* (0.020) +0.14 (0.564)
Read name — customer (vs. nothing)  +1.5 (0.844) +2.1 (0.826) +16.3 (0.131) -0.31 (0.099)

Note. *p < .05, **p < .01, **p < .001. Cells are the whiteness x moderator interaction (participant-
clustered SEs; p in parentheses). Experiments 1-3: boutique-rate DV, percentage points. Experiment 4:
perceived-price rating (z-scored), SD units. Ordinal moderators standardized. Name-interpretation rows
come from a single categorical model per experiment; the reference group is participants who read the
name as suggesting nothing in particular (“Other” responses excluded). No interaction survives BH-FDR

correction.
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Table S7: Group Decomposition of the Consumer-Side Minority Name Premium

Boutique classification

Dress perception (Exp 4)

rate, pp rating, 1-5 pts
Minority share (0 — 1) Exp 1 Exp 2 Exp 3 Distinct. Price Quality WTP
Black +14.9 +23.6 +3.3 +0.42** +0.07 +0.08 +0.06
Hispanic +21.6"  +30.6***  4+26.5***  +0.56™*  40.38**  +0.39"**  +0.33***
Asian +25. 8% +32.2*  4+36.6™  +0.88***  +0.53* +0.46 +0.43
N names 90 90 90 90 90 90 90
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Table S8: Products With Human Names Command Higher Prices

Dependent variable: log(price)

(1) (2) (3) (4)

Human name 0.257** 0.211%** 0.151*** 0.024***

(0.017) (0.016) (0.012) (0.003)

Implied price premium +29.3% +23.5% +16.4% +2.5%
Product category controls No Yes Yes Yes
Product feature controls No No Yes Yes
Brand fixed effects No No No Yes

Observations 1,386,306 1,386,306 1,386,306 808,596
Brands 16,168 16,168 16,168 5,143
R? 0.012 0.104 0.342 0.806

Note. Ordinary least squares estimates. The unit of observation is a product; the omitted category is
products without a human name in the title. Standard errors, clustered by brand, are in parentheses. The
implied price premium is e® — 1. Column 4 restricts the sample to brands with at least five named and
five unnamed products, so that identification comes from comparisons within brands. *p < .05, **p < .01,
***p < .001.
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